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Abstract

The semi-active control of response of a four degree-of-freedom (dof) half-car model traversing at constant velocity a
random road with look ahead preview is considered. The suspension spring is assumed to be hysteretic nonlinear and
modelled by the Bouc—Wen model. The statistical linearization technique is used to derive an equivalent linear model. The
response of the vehicle is optimized with respect to suspension stroke, road holding and control force. The rms values of
the suspension stroke, road holding and control forces are computed using the spectral decomposition method. The results
for the equivalent linear model obtained by the spectral decomposition method are verified using Monte Carlo simulation.
It is shown that the preview control results in a better vehicle performance.
© 2007 Elsevier Ltd. All rights reserved.

1. Introduction

In recent years, much research has been carried out in the design of active and semi-active suspensions of
vehicles for better vehicle response. The conventional passive suspension system of road vehicles consists of a
combination of springs and dampers. The characteristics of such suspension elements cannot be altered by
design during operation. In active vehicle suspension systems the external excitation is counteracted with the
generation of a control force depending on the vehicle response through an actuator driven by an external
energy source. However, difficulties in control hardware implementation, high cost and relatively less
robustness restrict the use of active suspensions. The semi-active suspension system is an alternate to the active
suspension system and these systems have been proposed by Karnopp et al. [1]. The semi-active suspension
system can combine the advantages of the active suspension system while providing more robustness to the
suspension performance. Usually in a semi-active suspension system, the actuator is replaced by a rapidly
adjustable damper which acts in parallel with a spring.

Semi-active devices have been used in a variety of applications for vibration control in many areas such as in
the control of building vibration due to earthquakes and wind forces [2], vehicles traversing rough roads [3-5].
The semi-active suspension performance can be improved using future information of the oncoming road
input. Bender [6] was one of the first to propose a preview control scheme for a single degree-of-freedom (dof)

*Corresponding author. Tel.: +914422574668; fax: +9144 22 576 668.
E-mail address: narayans@iitm.ac.in (S. Narayanan).

0022-460X/$ - see front matter © 2007 Elsevier Ltd. All rights reserved.
doi:10.1016/j.jsv.2007.08.004


www.elsevier.com/locate/jsvi
dx.doi.org/10.1016/j.jsv.2007.08.004
mailto:narayans@iitm.ac.in

L.V.V. Gopala Rao, S. Narayanan | Journal of Sound and Vibration 310 (2008) 352-365 353

vehicle model which was also applied to the preview control of quarter car [7,8] and half-car vehicle models
[9-11]. It was observed that the performance of the vehicle in all aspects can be improved with preview
information. Most of the works concerning vehicular response control with preview of a half-car vehicle
model hitherto has been confined to linear models.

Many authors have modeled the passive suspension elements with linear springs and dampers. However, the
force deformation characteristics of vehicular suspension springs exhibit nonlinear behavior of the hysteretic
type. Many types of hysteresis models have been proposed for the characterization of vehicle suspensions.
Narayanan and Senthil [12] have considered the preview control of a two-dof vehicle model with nonlinear
passive elements such as quadratic dampers and hysteretic stiffness elements. They modeled the hysteretic
nature of these springs by the Bouc—Wen model [13].

The preview control problem involves both feed forward and feed back components. The feed forward
component requires the preview information which is obtained using sensors and the feed back component
requires the suspension system state variables information. Thompson et al. [14] have used the spectral
decomposition method to solve preview control problems applied to vehicle suspensions.

The response of nonlinear systems to random excitation can be obtained using either approximate analytical
or simulation techniques. Yadav and Nigam [15] have used simulation techniques to analyze the response
behavior of nonlinear vehicle models. Analytical methods are preferred wherever possible, due to the large
computational time involved in simulation techniques. The analytical methods include the perturbation,
equivalent linearization and various closure techniques. The equivalent linearization technique is one of the
most widely used techniques in the analysis of nonlinear systems subjected to random excitation [16,17].

In this paper, the preview control of the random response of a half-car vehicle model is investigated. The
vehicle is modeled as a four dof half-car model with passive suspension elements consisting of a damper and
hysteretic type nonlinear spring. The hysteretic nature of the suspension spring is modeled by a Bouc—Wen
model which gives the relationship between the smooth hysteretic restoring force and relative displacement.
The equivalent linearization method is used for obtaining the response of the vehicle. The vehicular response
traversing a rough road with constant velocity is optimized using preview control minimizing a performance
index which is a weighted sum of the front and rear suspension strokes, tyre deflections and control forces. The
random road profile is modeled as the response of a linear first-order filter to white-noise excitation. The rms
values of the front and rear suspension strokes, tyre deflections and control forces are computed using the
spectral decomposition method.

2. Mathematical modeling
2.1. Theoretical formulation

The schematic of a half-car model with nonlinear suspension stiffness and look ahead preview is shown in
Fig. 1. The nonlinearity of the suspension spring is assumed to be of hysteretic type and modeled using the
Bouc—Wen model. The equations of motion of the half-car vehicle model can be expressed as

Mj, = c1(yy — yp) +uki(yy —yy) — (1 — ki zr
+ (33 — Vo) + 02ka(y3 — ya) — (1 — 02)koz, + uy + un, (1)

10 = a[ei () — ¥,) + oaki (v — y2) — (1 — ok z7]

= blea(y3 — Y4) + 2ka(y3 — y4) — (1 — 02)koz,] + wra — wab, ()
mjy = c1(y, — yy) +ouki(y, —y) = (1 —akizy + kie(hy — yy) — ur, 3)
myjy = 2(¥g — ¥3) + 2ka(yy — y3) — (1 — 0)kozy + kie(hy — y3) — un, 4

V= la(y =¥y +auki(yy —y) — (1 —a)kizp + w10 + [e2(03 — Vy) + 02ka(y3 — yg) — (1 — w)kaz, + ua]n,
(5)
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Fig. 1. Half-car model with preview control.

Vo= [0 = ¥) +arki(yy — y2) — (1 —apkizp +uiln + [c2(03 — Vy) + 0ka(y3 — y4) — (1 — )kaz, + wa]C,

(6)

where
d=1/M+d*)J, n=1/M—ab)J, {=1/M+b*/J, (7)
V2=yc+a0,  yy=y. —bo, @)

where y, and y, are absolute displacements of the front and rear end of the vehicle body, y, and y; are
absolute displacements of the front and rear unsprung masses m; and m;,, respectively, M is the sprung mass, /
is the mass moment of inertia of the vehicle about a centroidal axis, ¢; and ¢, are front and rear suspension
damping coefficients, o) and k; are the front hysteretic suspension spring parameters, o, and k, are the rear
hysteretic suspension spring parameters, ki is the front tyre stiffness, ki is the rear tyre stiffness, u; and u, are
the front and rear control forces and the parameters zy and z, are the front and rear suspension hysteretic
displacements, respectively. The hysteresis displacements are governed by the following equations as per the
Bouc-Wen model:

2= =yl — Wilzrlz " = Brlz "Gl — Y1) + A (5, — W), )

2= =lis = Blzz " = Bz O = ) + A0 — D), (10)
where 7, B, and Ay are the parameters of the front hysteretic suspension and y,, ,, 4, are the rear hysteretic
suspension parameters. These parameters control the shape of the hysteresis loop. The parameter n determines
the smoothness of the force—displacement curve. Using the equivalent linearization technique [18] Egs. (9) and
(10) can be represented in equivalent linear form as

Zr = Cy(y = Y1) + Kiyzy, (11)

Zr = Chr().}4 - y3) + KhrZra (12)

where Cjr and K are the equivalent damping coefficient and stiffness, which are obtained by minimizing the
mean square of the error between Egs. (9) and (11). These values are given by

Chr = =v917 — Bgoy + Ans, (13)

K = —v93r — BYass (14)
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(15)

(16)

(17)

(18)

where 6(;,5,) 1s the standard deviation of the front suspension relative velocity. o, is the standard deviation
of the Bouc—Wen model hysteretic displacement, p, is the correlation coefficient between relative velocity and

hysteretic displacement and I'(-) is the gamma function.

Similarly Eq. (10) can also be written in the approximated linear form as Eq. (12), the subscript r referring to

the rear wheel and the parameters of Eq. (10) are defined by equations similar to Egs. (13)—(18).

3. State space formulation and control scheme

Egs. (11) and (12) can be written in state space form as
z=Az+ Gu+ Dw,
where
z=[z1 z» z3 Zs 2Z5 Ze¢ Z7 23 Zf z,‘]T

with

o=y =l =y, =y Zm=ys; Za =Yg
zs=y3 =l zZe=Yys—Yy; =Yy Zg =D

Vi =Yss W =Ye Vi=DVy Va=1Us.

(19)

(20)

A, G and D are system matrix, control distribution matrix and excitation distribution matrix, respec-
tively and z is the state variable vector, u is the control vector and w is the disturbance vector. These
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are given by
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G= 1 i : (22)
00 0 » 00 — C 0O
ny
D =[d, di]", (23)
di=[-100000000 0],
d,=[0000 —10000 0],
W= T[hy b7,
hy(0) = Ut — T)),
h(t) = Ut — T),
where /iy and A, are unit step road inputs at the front and rear wheels, respectively.
The displacement power spectral density (psd) of the road profile is given by [14]
cV
D(w) = —, (24)
)

where ¢ is the road roughness constant, w is the angular frequency and ¥V is the vehicle forward velocity.
Thompson and Davis [19] have given a relation, for linear systems, between the integral squared values of the
response to the unit step input and the mean-squared value of output to random excitation. Using this relation
corresponding to the unit step input the rms values of the response of the half-car model can be obtained.
Henceforth, in further discussion the state vector z(¢) corresponds to the response to the step excitation
considered equivalent to the random road input given by the psd of Eq. (24). The rms values of the state vector
z(#) and the control force u(¢) are given by [14]

(z(Dz1 (1)) = 2meV / h 2(0)z' (1) dt, (25)
0

u(Hu' (1)) = 27TCV/ u(Hu' (¢)dr. (26)
0
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3.1. Optimal preview control law
The optimal suspension is designed using the optimal control law which is derived by minimizing the

weighted sum of the front and rear tyre deflections, suspension strokes and the control forces. The
performance index J is given by

J = /0 [p1ui + pati3 + @11 — b)) + (0 — 32 + @33 — he)* + qu(3 — y)’1d1, (27)
where p|, 02,41, 45, g5 and g, are appropriate weighting factors. The performance index can be written as
o.¢]
J= / (z0z" + uBu") dt, (28)
0

where

O = diag[g, ¢, 0 0 g5 g4 0 0 0 0],

B = diag[p, p,].

The optimal preview control force is given by

u(t) = Fpz(t) + Fyr(1), (29)
where
F,=—-B'G"S, (30)
Fr=-B'G" (31)
and S is the positive definite solution of the matrix Riccati equation given by
A'S + 854 - SGB'GS+ Q0 =0. (32)
Substituting Egs. (29)—-(31) in Eq. (19) we get
:=A.z — GB'Gr(t) + Dw, (33)
A.=A—GB'G'S. (34)

In Eq. (29), r(¢) is a vector governed by
i(t) + Acr + SDw = 0. (39)

3.2. Spectral decomposition

Egs. (33) and (35) can be written in composite form as

-5 TN Lol

The above coupled equations can be changed to uncoupled equations by converting the system equations to a
diagonal form. The eigenvalues and eigen vectors are determined as
A0 37)
0 -4

A. —GB'GT
0 —-AT

A. —GB'GT
0 —AT

Viie Vi

Vie Vi
0 Vx




358 L.V.V. Gopala Rao, S. Narayanan | Journal of Sound and Vibration 310 (2008) 352-365

Using the above equation we can write the submatrix A4, in the spectral decomposition form as Vl’llAc Vii=A
Let V! = Uy and

Xq Un Unp|J:z 18
xp| | 0 Unf|lr 38)
by substituting Eq. (38) in Eq. (36) we obtain
Xa| [A 07X Un Un D 7. 19
%= lo il|xm| T o vn|l-sp]” ©9)
Solution of Eq. (39) is obtained as
Xa eh 0 X0a Xla Xla
= Uuet-T ue-1Ty) |, 40
[xb] l 0 —e’*’] ([X()b * X1p ( D+ X1p ( l)) (40)

where U(?) is the unit step function.
4. Results and discussion

The half-car vehicle model with the following parameters is considered as an example.

M =730kg, I =1230kgm?, m; = 40kg, my = 35.5kg, ¢; = 1290 Ns/m,
¢ = 1620 Ns/m, k; = 19960 N/m, ky = 17500 N/m, k¢ = 175,500 N /m,
ke =175,500N/m, a = 1.011m, b = 1.803m, ¢ = 10 m, ¢, = g5 = 10,
G =q,=10,p, =p, =05x 1075

The Bouc—Wen model parameters are assumed to be

Ay =4,=15,7,=7,=05, ﬁf =4,=05 0 =0, =0.2.

4.1. Spectral decomposition

In the following the results obtained based on Egs. (25) and (26) and the spectral decomposition method
given in the previous section are presented and discussed.

In Fig. 2 the overall performance is plotted as a function of the preview distance for various velocities. It is
seen from the figure that the overall performance improves with increasing preview distance but saturates
beyond a particular preview distance. Thus there is a limiting preview distance beyond which the benefit of
preview control saturates. This distance increases with increase in vehicle velocity.

Fig. 3 shows the rms front wheel deflection for different vehicle velocities as a function of preview distance.
It is seen from the figure that the performance of the vehicle with respect to the front wheel vehicle deflection is
improved with preview control. It is also observed that the performance saturates with increasing preview
distance and beyond a particular distance the performance actually deteriorates indicating an optimum
preview distance with respect to front wheel vehicle deflection.

Fig. 4 shows the rms values of the rear wheel deflection as a function of the vehicle velocity for different
preview distances. It is observed that the preview control does not have significant influence on the rear wheel
deflection as with preview and without preview the response is almost the same. This is natural to expect since
the rear wheel is further away from the preview sensor and the effect of preview control tapers off with
increase in preview distance.

Figs. 5 and 6 show the rms front wheel and rear wheel travel, respectively, as function of the vehicle velocity
for different preview distances. It is seen that the performance with respect to front wheel travel significantly
improves with increase in preview distance for all velocities while with respect to rear wheel travel, for lower
velocities there is no improvement in performance, while at higher velocities the performance improves.
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Fig. 2. Variation of the performance index with preview distance (P,) for different velocities (V).
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Fig. 3. Rms value of front tyre deflection for different preview distance (Py).

Figs. 7 and 8 give the control effort required at the front and rear wheel, respectively, for different preview
distances. It is obvious to expect the control effort required that will increase with the increase in preview
distance. This is so, for both the front and the rear wheel, but this increase is more in respect of the front wheel
as compared to the rear wheel.

4.2. Monte Carlo simulation

To verify the results obtained by the spectral decomposition method with the equivalent step excitation for
the random road input and to verify the equivalent linearization technique Monte Carlo simulation studies are
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Fig. 4. Rms value of rear tyre deflection for different preview distances (Py).
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Fig. 5. Rms front wheel travel for different preview distances (Py).
carried out. The method given by Shinozuka and Jan [20] is used to generate time histories of the front wheel

road input /s (#) corresponding to the power spectral density function given in Eq. (24). The time histories are
generated by the following series:

N
(1)) = V2 3 [SWoAR cos(@), + ), @1)
k=1

where Sp(wi) =2®(wy) is the one-sided power spectral density function at frequency g, with
oy =w1+(k—%)Aa), k=12,....,N; o, =wr+0ow, k=2,...,N and Aw = (0, — w;)/N with N being
the number of equal intervals in which the frequency interval is divided. dw is a small random frequency
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Fig. 6. Rms rear wheel travel for different preview distances (Py).
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Fig. 7. Variation of the rms front wheel control force with velocity (Py).

uniformly distributed between —Aw'/2 and Aw'/2 with Aw’ <Aw introduced to avoid the periodicity of the
process which is simulated. ¢,’s are independent random phase angles uniformly distributed in the interval 0
to 2m. w; and w, are respectively the lower and upper cut-off frequencies. The time history /As(f) is generated
with N = 1000, w; = 0,w, = 27 x 100rad/s, Aw’ = 0.05Aw.

From the generated time history A/(f) the power spectral density function of the road input is obtained by
using the MATLAB function ‘psd’ and is compared with the target power spectral density corresponding to
Eq. (24) in Fig. 9 showing good agreement between the target psd and the simulated psd. The rear wheel road
input /,(¢) is obtained as the time delayed front wheel input /(¢ — L/ V). The equations of motion (3)—(8) with
the nonlinear equations of the Bouc—Wen model equations (9) and (10) are numerically integrated with the
control input given by Eq. (29). The control input u(?) is the same as obtained by using Egs. (30) to (35) for the
equivalent linear model. The response statistics, rms front wheel travel, rms rear wheel travel, rms front tyre
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Fig. 9. Simulated and target psd of road profile.

deflection, rms rear wheel deflection are obtained from the generated time histories without preview control
and with preview control for a preview distance of P; = 2m. These are plotted in Figs. 10—13 by the symbols
‘e’ and ‘«” along with the results obtained by the equivalent linearization method. The agreement between the
Monte Carlo simulated results and the results of the equivalent linearization method is very good validating
not only the equivalent linearization technique but also the equivalent step input assumed for the random road
excitation.

5. Conclusions

Active control of the response of a four degree of freedom half-car model with nonlinear suspension system
which consists of dampers and hysteretic type nonlinear springs has been considered. The hysteretic nature of
the suspension spring has been modeled by a Bouc—Wen model. The equivalent linearization method is used to
obtain appropriate response statistics of the vehicle which is included in the control formulation. The random
road excitation is equivalently modeled by an equivalent step input [14]. The spectral decomposition method is
used to obtain the control gain matrix and the vehicle response.

The overall performance of the vehicle improves with preview control as compared to the performance
without preview control. But the improvement with performance saturates beyond a preview distance.
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Fig. 10. Rms front wheel travel response with equivalent linearization (P, =0m ‘—’; P; =2m ‘— —’) and simulation (P; =0m ‘e’;
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Fig. 12. Rms front wheel deflection response with equivalent linearization (P; =0m ‘—’; P; = 2m ‘— —’) and simulation (P; = 0m ‘e’;
P;=2m ‘x’).

The performance with respect to individual vehicle responses such as front wheel tyre deflection, rear wheel
tyre deflection, front wheel travel and rear wheel travel also improve with preview control. In these cases also
the saturation in performance beyond a preview distance is observed. Hence, it is necessary to choose the
preview distance judiciously as the control effort increases with increasing preview distance. It is also seen that
the performance improvement with preview control is more perceptible in the case of front wheel responses
than rear wheel responses. The rms front wheel travel performance improves with increasing preview distance
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Fig. 13. Rms rear wheel deflection response with equivalent linearization (P; = 0m ‘—’; P; = 2m ‘— —’) and simulation (P; =0m ‘e’;
P;=2m ‘x’).

with the improvement saturating as mentioned earlier. The rms rear wheel travel performance with preview
control scheme is better than the zero-look ahead preview. But the rms rear wheel travel deflection
performance is almost the same in both look ahead preview and zero-look ahead preview cases.

The equivalent linearization model and the equivalent step road input assumption are validated by Monte
Carlo simulation by generating the road input compatable with the power spectral density function and
numerically integrating the equations of motion with the nonlinear Bouc—Wen model.
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